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https://udn.com/news/story/6928/5111782?fbclid=IwAR24JbLlUsu_LrRzWAgzjiDTzm5Q5yoJV7POWYLDV_YHG54g4GgeQZU6sKo
https://udn.com/news/story/6928/5111782?fbclid=IwAR24JbLlUsu_LrRzWAgzjiDTzm5Q5yoJV7POWYLDV_YHG54g4GgeQZU6sKo
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Home / Money / Careers / BestJobsRankings https: / /money.usnews.com/careers/best-jobs /rankings /best-business-jobs

U.S. News Best Jobs Rankings EST

Our Best Job rankings include several different industries, so you can find the best job for you in the health care, business JO BS
or technology industry, for example. If you're seeking a high salary, the Best-Paying Jobs ranking list will help you search USNSIHE
jobs that pay very well. If you're not sure which career path to take, start with our overall ranking of the 100 Best Jobs. -~

The 100 Best Jobs Best Paying Jobs
#1 Statistician #1 Software Developer #1 Anesthesiologist
Medical and Health Services Manager #2 Dentist #2 Surgeon
#3 Mathematician #3 Physician Assistant #3 Oral and Maxillofacial Surgeon

SEE FULL RANKINGS LIST » SEE FULL RANKINGS LIST » SEE FULL RANKINGS LIST » 3/22
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Mmat#aRE W - EERBEIHATAR 8294 | 109| 103,184 | 18| 74481 | 12| 28703 | 127
A N 7651| 114| 81618| 30| 68414 | 13| 13204 133
o BRI R T 28981 | 59| 86208 25| 67,156| 14| 19052| 67
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v R ~ SRR a8 TR 173, 66,289 | 17| 106,764
fiek %Iﬂf AR BHEAURPEREEN GIMEE) | 42583 42| 80981| 31| 66007 | 18| 14974| 47
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RK PLAYER

1 James Harden, PG
2Paul George, SF
3 Antetokounmpo, PF
4 Joel Embiid, C
5LeBron James, SF
6 Stephen Curry, PG
/7 Kawhi Leonard, SF
Devin Booker, SG
9Kevin Durant, SF
10An’rhon Davis, PF

DATAL

3P%
=47k

0.368
0.386
0.256
0.300
0.339
0.437
0.371
0.326
0.353
0.331

0.2 0.735

FT%
0.879
0.839
0.729
0.804
0.665
0.916
0.854
0.866
0.885
0.794
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https://stats.nba.com/players/traditional/?sort=W&dir=1
http://www.espn.com/nba/statistics/player/_/stat/scoring-per-game/sort/gamesPlayed/seasontype/2
http://www.espn.com/nba/statistics/player/_/stat/scoring-per-game/sort/avgMinutes/seasontype/2
http://www.espn.com/nba/statistics/player/_/stat/scoring-per-game/sort/avgPoints/seasontype/2/order/false
http://www.espn.com/nba/statistics/player/_/stat/scoring-per-game/sort/fieldGoalPct/seasontype/2
http://www.espn.com/nba/statistics/player/_/stat/scoring-per-game/sort/threePointFieldGoalPct/seasontype/2
http://www.espn.com/nba/statistics/player/_/stat/scoring-per-game/sort/freeThrowPct/seasontype/2
http://www.espn.com/nba/player/_/id/3992/james-harden
http://www.espn.com/nba/player/_/id/4251/paul-george
http://www.espn.com/nba/player/_/id/3032977/giannis-antetokounmpo
http://www.espn.com/nba/player/_/id/3059318/joel-embiid
http://www.espn.com/nba/player/_/id/1966/lebron-james
http://www.espn.com/nba/player/_/id/3975/stephen-curry
http://www.espn.com/nba/player/_/id/6450/kawhi-leonard
http://www.espn.com/nba/player/_/id/3136193/devin-booker
http://www.espn.com/nba/player/_/id/3202/kevin-durant
http://www.espn.com/nba/player/_/id/6583/anthony-davis
http://www.espn.com/nba/player/_/id/4299/jeremy-lin
http://www.espn.com/nba/player/_/id/3064539/sindarius-thornwell
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SEETEASTATISTICS © FRE ;518 7 &3

A 2=

E?Jz
BEiREE - BIE - o - BEERARERAN—FIE[

= Statistics is the discipline that concerns the collection, organization, analysis, interpretation, and
presentation of data

't RE
- EEFIH:FJI\ &t (’rheorehcol s'rqhs'rlcs) ORI E AR BUE R [RIFEIE R
- FER#ET ( applied statistics ) : SRR T 7 /20 BRZ[IEM T ERE

AEA
- LA ET ( descriptive statistics ) : SERIZIB BN ET 55

- HBAET (inferential statistics ) : BANRIERE AR ET )5

BESHET ( univariate statistics ) 7 R BB — (B B py it B i B
ST ( bivariate statistics ) © 20 KB E B8 ARV BRE
- ZESHET ( multivariate statistics ) © 28 2 & & IR A DA
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&5 <353£1 - IBM SPSS Statistics Syntax Editor

*
[14] .
Dﬁ : tf fid Tik HFEE) EEE) RV BFED SR S BEXTEEM SEEEG LREAL RITR) IRE) WEW HBAH)
ata list rree /14 11 . — =
- o) - = Gz -
S ET TN -1 TE RN X XN
18030110 - \‘ \‘ /% &= L,’,; = . o i i B R [ERo -
2702439 PR
3513924 Data et 2 Data list free /id like gender age gpa child.
Begin data. 3 /|Begin data.
4512526 Variable labels 4 ||18030110
Value labels
5811939 o |[rs1sozs
6104521 7 |Jas12526
REGRESSION
8 5811939
7213525 < 6104521
89030110 10 ||7213525
1 89030110
End data. 12 CJ|End data.
Variable labels like | 115) Variable labels like gender age gpa child
14 Value labels gender 0 1 /gpa 1 2 3
Value labels gender 15 |desc var=all.
- 16 Correlation variables like gender age gpa child.
desc var=all. 17 |REGRESSION /DEPENDENT like /METHOD=ENTER gender age gpa child .
Correlation variabl 18 [Exe
190
REGRESSION /DEIL _ = _
Exe IBM SPSS Statistics lRIRFE3EE In19 Col 0 NUM
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1IF TH1T

m Dola.sav [] - IBM SPSS Statistics Data Editor

HFE) HRB|E) WAV FROQ BRO HFA B

SH & e~ ~ L,

15

1 1 8 0 30 1
2 2 7 0 24 3
3 3 5 1 39 2
4 4 5 1 25 2
5 5 8 1 19 3
6 6 1 0 45 2
7 7 2 1 35 2
8 8 9 0 30 1

id \ like :’gender‘: age ’ gpa ‘:Ch“d“ker

10

M = w O &~ w

10

FémRAGE 12 A TE = |
i BJI U- - O-A-di- === &=
BURLEE FH ~ HEE
H12 S

B C D E F

1 1d like gender age gpa childlike
2 1 8 0 30 1 10
3 2 7 0 24 3 9
4 3 5 1 39 2 4
5 4 5 1 25 2 6
6 5 8 1 19 3 9
7 6 1 0 45 2 1
8 7 2 1 35 2 5
9 8 9 0 30 1 10
10

TE=T ®

13/22



R2 = 0.86, r=0.926, p<.01

°.®
Bk .

Bl | @oniE | s | P | e | waw | Em | b

DOLA Like
o
e

 —

like =2 1 4 1@ 2925 ‘ 8.554 I -603 | -1.022 4 o
] 1 A0 4535 286 000 | -2.800 }
19 45 30.88 8.509 72.41 a77 - 4649
1 3 2.00 .T56 AT 000 -700 0

1 10 675 | 3.284 | 1079 | -674 | -672 o 1 2 3 4 5 6 7 8
EJI0)

gender 151
age S

gpa RN IR
childlike ..
A M (524 EE)

[/ T = < R T ' T =« J = <]
[

12 Y = -0.245Age + 13.200
_ R2 = 0.51, t= -0.714, p<.05
izt 10

like =t gender gpa el | childlike i
i Ml age F§) FiH R .

Pearson  like Efers 1 ~208 714 | -129 926 |

i gender FL5 _.228 1 _173 354 -244

age N BERTE 1 -.378 -788 4

gpa T -129 354 -.378 1 -115

childiike . | C 9267 ) -.244 -788 - 115 1

* PRS2 0.05 05 (SRE) - A EE 0

 FERE AR 00185 (RER) - AHEEE

DOLA Like
o

Age
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REELRE |

o fi e B 1k FEm | Beta o7 -
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i R REH REH T CEED 22.687 3162 7174 002
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Regression
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MAP OF STATISTICAL APPLICATIONS

Data & Exploratory |Inferential  Statistical Testing Advanced Statistical Application
Measure Analysis Estimation  Univariate Bivariate Multivariate Multilevel Time/Repeated
Manifest Sample Population N
Ca Ca Ca Ca/Ca Ca/Cal/Ca
Nominal Frequency Cluster Analysis
Ordinal Probability g/ 7re—»/x 2 test y 2 test Multiple 2 test
- Odds Log-Linear Modeling
In:ervoﬂ Co Co Latent Class Modeling ~ Multilevel LCM Latent Transition Modeling
Ratio Mean —> H0—>I'*651
StDeviationet» Co/Ca Co/Co/Ca
Variance ®—> ;2 Discriminant Discriminant Analysis
Analysis Logistic Regression
Latent " -
Categorical Parameter Hypothesis | -
. o estimation ){gsting Ca/Co Ca/Ca/Col/Co
Mixture I t-test
- ANOVA(F-test)  ANOVA(factorial design) ANOVA (repeated)
Experimental ) : . : : .
design = ANCOVA(with covariate) Hierarchical Linear Modeling
Sampling = MANOVA MANOVA(repeated)
theory MANCOVA
1
Propabilit Co/Co Co/Co/Co _
y theory Correlation Corr./Partial/Part Time Series Analysis
: Canonical Corr.
LaterﬂtagnatS%MﬁFeelmg L Regression Multiple Regression Hierarchical Linear Modeling
I RModelingrh Path Analysis Hierarchical Linear Modeling
ten%a ?SP%r?glysigory Statistjcal Factor analysis Multilevel CFA _
i‘ Dt aision Structural Equation Modeling Latent Growth Modeling
Measurement Theo_rty y Multilevel SEM
(Reliability & Validity) I I | |
Fuzz Bayesian Data Machine Artificial . -
Theor)g/ Theory Mining Learning Intelligence Mixture Modeling
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]- ﬁl\\\}iﬁﬁﬂglb\ A =T TR ) 5B (C~2) EEHEY

1103R004 #HintRE=EmSIFREYI(SPSS2) MEF - S EF & TFF 30 2021-12-05 (~~H) BEEHEH
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P
SE = = X Studi
hY
o = I = = E,J |; 14: u IO | GLat FE R 5 17 (Statistics Tools)
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https://web.ntnu.edu.tw/~hawjeng/Data3_2018.htm
https://web.ntnu.edu.tw/~hawjeng/Data1_2019.htm
https://web.ntnu.edu.tw/~hawjeng/Data_2019.htm
https://web.ntnu.edu.tw/~hawjeng/Data2_2020.htm
https://www.sce.ntnu.edu.tw/home/course/list.php?series=R
https://www.sce.ntnu.edu.tw/home/course/list.php?series=R
https://web.ntnu.edu.tw/~hawjeng/sem2.htm
https://web.ntnu.edu.tw/~hawjeng/Stat_V3.htm
https://web.ntnu.edu.tw/~hawjeng/MLM_2017.htm
https://web.ntnu.edu.tw/~hawjeng/Bayes.htm
https://www.itc.ntnu.edu.tw/sw/
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https://web.ntnu.edu.tw/~hawjeng/Data_2019.htm

